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[3% 1] 5Year_3grade dlo]ElAle] 3714 3}

Test Train F1
bYear_grade Score Score Score
RF 0.688 0.705 0.500
GBDT 0.744 0.786 0.710
XGB 0.750 0.783 0.720
LightGBM 0.719 0.758 0.660
[3% 2] 5Year_6grade Hlo|E 2] 7143}
Test Train F1
bYear_6grade Score Score Score
RF 0.744 0.798 0.390
GBDT 0.756 0.797 0.400
XGB 0.744 0.766 0.390
LightGBM 0.750 0.797 0.400
[3 3] 10Year_3grade dHlo]E]Ale] 3 7}4 3}
Test Train F1
10Year_3grade Score Score Score
RF 0.775 0.817 0.750
GBDT 0.725 0.806 0.680
XGB 0.788 0.839 0.770
LightGBM 0.644 0.709 0.510
[Z 4] 10Year_6grade ©lo]lElAle] H7}2 3}
Test Train F1
10Year_6grade Score Score Score
RF 0.756 0.808 0.400
GBDT 0.781 0.816 0.410
XGB 0.769 0.887 0.410
LightGBM 0.781 0.861 0.450
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