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Ttems! Growing
Concentrate Timothy
DM, % as feed 90.3 92.7
% of DM

OM 84.2 91.5
Cp 18.7 5.5
NDF 37.6 65.5
ADF 20.0 43.2
EE 4.2 1.8
Ash 10.2 6.2
NFC 33.7 22.0
TDN 64.6 54.6

DM, dry matter; OM, organic matter; CP, crude protein; NDF,
neutral detergent fiber; ADF, Acid detergent fiber; EE, ether extract;
NFC, non-fiber carbohydrate; TDN, total digestible nutrients
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Growth parameters include: WH (withers height), HH (hip height),
BL (body length), CD (chest depth), CW (chest width), RW (rump
width), PW (pelvic width), HW (hip width), RL (rump length), CG
(chest girth), DMI (dry matter intake), OMI (organic matter intake),
CPI (crude protein intake), EEI (ether extract intake), ASHL (ash
content), TDNI (total digestible nutrients intake), NDFI (neutral
detergent fiber intake), FCR (feed conversion ratio), ADFI (acid
detergent fiber intake), NFCI (non-fiber carbohydrate intake), and
NDFCI (neutral detergent fiber content intake).
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Correlation with ADG (Growing Stage)
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Random Forest
MAE: 17,10, RMSE: 20,81, % 0.89

Linear Aegrassion
MAE: 20,70, RMSE: 25.87. R* 0.83
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The red diagonal line indicates the line of perfect prediction where
observed and predicted values are equal. Performance metrics shown
include Mean Absolute Error (MAE), Root Mean Squared Error
(RMSE), and R? for each model.
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Panel A: MSE values plotted against the number of neighbors (k)

for predicting ADG using KNN regression. Panel B: MSE values

plotted against the number of neighbors (k) for predicting BW using

KNN regression.

ar Regression ndom Farest
WAE: 070, RMSE. 535, &+ 0.03 B 015, AGE: §.94. &% 0.1
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The red diagonal line represents the line of perfect prediction where
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predicted values match observed values. Top Left (Linear
Regression): Performance metrics include a mean absolute error
(MAE) of 0.20, a root mean squared error (RMSE) of 0.25, and an

- 993 -



2024 FH=p4kelr] <8t

R? of 0.03. Top Right (Random Forest): Performance metrics include
an MAE of 0.18, an RMSE of 0.24, and an R? of 0.14. Bottom Left
(K-Nearest Neighbors): Performance metrics include an MAE of
0.20, an RMSE of 0.25, and an R? of 0.10. Bottom Right (Artificial
Neural Networks): Performance metrics include an MAE of 0.21, an
RMSE of 0.26, and an R? of -0.00.
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